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Abstract Many populations consist of individuals that
differ substantially in their diets. Quantification of the magnitude and temporal consistency of such intraspecific diet
variation is needed to understand its importance, but the
extent to which different approaches for doing so reflect
instantaneous vs. time-aggregated measures of individual
diets may bias inferences. We used direct observations
of sea otter individuals (Enhydra lutris nereis) to assess
how: (1) the timescale of sampling, (2) under-sampling,
and (3) the incidence- vs. frequency-based consideration
of prey species affect the inferred strength and consistency of intraspecific diet variation. Analyses of feeding
observations aggregated over hourly to annual intervals
revealed a substantial bias associated with time aggregation that decreases the inferred magnitude of specialization and increases the inferred consistency of individuals’
diets. Time aggregation also made estimates of specialization more sensitive to the consideration of prey frequency,
which decreased estimates relative to the use of prey incidence; time aggregation did not affect the extent to which
under-sampling contributed to its overestimation. Our
Communicated by Craig A. Layman.
Electronic supplementary material The online version of this
article (doi:10.1007/s00442-014-3213-2) contains supplementary
material, which is available to authorized users.
M. Novak (*)
Department of Integrative Biology, Oregon State University,
Corvallis, OR 97331, USA
e-mail: mark.novak@science.oregonstate.edu
M. T. Tinker
US Geological Survey, Western Ecological Research Center,
Long Marine Laboratory, 100 Shaffer Road, Santa Cruz,
CA 95060, USA

analyses demonstrate the importance of studying intraspecific diet variation with an explicit consideration of time
and thereby suggest guidelines for future empirical efforts.
Failure to consider time will likely produce inconsistent
predictions regarding the effects of intraspecific variation
on predator–prey interactions.
Keywords Individual variation · Predation · Prey
switching · Seasonal prey selection · Time-averaging

Introduction
The presence of intraspecific variation in the morphology,
behavior, and resource-use patterns of individuals is a cornerstone of evolutionary theory. Qualitative descriptions of
its patterns and discussion of the underlying mechanisms on
ecological timescales are now also burgeoning (Bell et al.
2009; Bolnick et al. 2003, 2007), as are efforts to determine
its consequences for the functioning of ecological communities (Bolnick et al. 2011; Hughes et al. 2008; Pettorelli
et al. 2011). The presence of intraspecific variation can have
marked effects on communities, both in theory (Bolnick et al.
2011; Okuyama 2008; Schreiber et al. 2011) and in experiments (Harmon et al. 2009; Rudolf and Rasmussen 2013),
particularly when manifested as individual diet specialization
(but see Ingram et al. 2011). For example, theory on predator–prey interactions suggests that individual variation in prey
preferences and switching rates can qualitatively alter community structure and dynamics (Abrams and Matsuda 2004;
Chesson 1978; Murdoch and Oaten 1975). Quantification of
both the strength (incidence and magnitude) and the temporal
consistency of individual diet specialization in natural populations is needed to further our understanding of its empirical
importance (Araújo et al. 2011; Bolnick et al. 2011).
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Fig. 1 The concept of intraspecific diet specialization is implicitly
temporal. Distinguishing between the strength of specialization (the
converse of the between-individual similarity of two different individuals, as estimated by comparisons such as B1 and B2) and the temporal consistency of each individual (the within-individual similarity, as
estimated by comparisons such as W1 and W2) is key to understand-

ing its importance. Both between- and within-individual diet similarities are likely to decline as the amount of elapsed time (t) between
observations of the individuals’ diets increases. This temporal nature
of diet specialization also suggests that empirical measurements of its
strength and consistency will be altered by the timescale over which
diet observations are aggregated

The distinction between the strength and the temporal
consistency of individual specialization is key to understanding its importance (Fig. 1) (Bolnick et al. 2003). High
or low levels of between-individual variation are expected
to have qualitatively different effects if specialization is
temporally consistent, by virtue of being a fixed behavior
or a cross-generationally heritable trait, versus when it is
labile or environmentally driven (Schreiber et al. 2011;
Yoshida et al. 2007). Both forms of temporal consistency
are observed in nature. For example, individual cabbage
butterflies, Pieris rapae, exhibit substantial specialization
in their selection of flowers on hourly timescales, but are
temporally inconsistent generalists on longer timescales
because their flower preferences are learned anew each
day (Lewis 1986). In contrast, the diet specializations of
Darwin’s medium ground finches, Geospiza fortis, exhibit
a longer-term heritable component, with individual differences in seed choice being correlated with differences in
morphology (Grant et al. 1976; Price 1987).
These considerations indicate that an understanding is
needed of how the timescale over which observations of
individual prey selection are made affect empirical inferences regarding the strength and consistency of specialization (Fig. 1). Clearly, knowledge of an individual’s diet will
increase as sampling time and the number of feeding observations increases. Increasing the sampling frame for too long,
however, may come at the expense of the ability to detect
meaningful temporal patterns of prey selection. For example,
the pooling of observations over too large a time window may

conceal variation associated with diel, seasonal, or annual
changes in prey availability or prey preferences (i.e., switching) (Araújo et al. 2010; Newsome et al. 2010) and may alter
perceived levels of specialization. Then again, inferences may
be little affected by such pooling if prey selection is considered on a qualitative presence-absence basis, as may be appropriate if only gross variation in prey selection is of interest.
These issues are of particular relevance because the two
approaches that predominate the empirical quantification of
diet specialization and its temporal consistency—the use of
stomach contents and stable isotope ratios—are both susceptible to sampling effort and timescale effects. That is, both
approaches are influenced by potential biases that increase
or decrease the inferred magnitude and temporal consistency of specialization. Stomach contents provide only a
snapshot of an individual’s most recent prey choices and are
vulnerable to the vagaries of stochastic sampling. Even generalists may appear strongly specialized if insufficient prey
items are recovered, or if individuals encounter high densities of particular prey just prior to capture (Bolnick et al.
2002). Similarly, the apparent consistency of specialization
will be reduced if individuals encounter different prey prior
to consecutive captures, even when prey preferences remain
unchanged. Stomach contents may also be biased by preyspecific differences in digestion rates (Legler et al. 2010).
Stable isotope ratios can overcome such limitations to
inferring the strength of individual specialization by integrating the source signatures of all consumed prey over time
(O’Reilly et al. 2002). However, by being time-aggregated
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indicators of an individual’s diet, stable isotope ratios may
inflate the apparent consistency of an individual’s diet even
when sampled longitudinally. The use of stable isotope ratios
is therefore complicated by unresolved variation in tissuespecific turnover rates [ranging from weeks to years of temporal averaging (e.g., Boecklen et al. 2011; McIntyre and
Flecker 2006)]. Their use also remains limited by assumptions of spatially and temporally constant prey isotope signatures (Araújo et al. 2007; Jennings et al. 2008), the inability
to distinguish prey having similar isotopic signatures (Phillips et al. 2005; Yeakel et al. 2011), and the inability to detect
temporal switches between, for example, two prey species
whose average contributed signature is equivalent to that of
a third prey species (Ward et al. 2011). Direct observations
of prey choice through time can avoid these limitations and
offer a means to assess the importance of these potential
biases (Bolnick et al. 2002; Tinker et al. 2008).
We used direct observations of prey selection by southern sea otters (Enhydra lutris nereis) to quantify how the
timescale of sampling, under-sampling, and the qualitative vs. quantitative consideration of prey choices affect the
inferred strength and temporal consistency of individual diet
specialization. In central California, sea otters exhibit high
levels of intraspecific diet variation, with some individuals
specializing on snails, others on crabs and abalone, and others feeding as relative generalists (Estes et al. 2003; Tinker
et al. 2008). Population-level patterns of between-individual
differences exhibit both a modular and a nested network
structure, with groups of individuals sharing different sets
of core prey species nested within a suite of less commonly
but more generally consumed peripheral prey (Tinker et al.
2012). Specialization appears to be, at least in part, a learned
behavior that is passed from mother to pup, and has been
shown to occur independently of variation in prey availability or an individual’s age, sex, or morphology (Estes et al.
2003; Tinker et al. 2008). As in other species (Svanbäck and
Bolnick 2007), the prevalence of specialization in sea otters
is positively correlated with intraspecific competition for
limited resources (Tinker et al. 2008, 2012). For sea otters,
specialization improves energy acquisition by increasing foraging efficiency for preferred prey (Tinker et al. 2008, 2012),
despite the fact that specialization on certain types of prey
is associated with increased risk of disease (Johnson et al.
2009). Insight into the strength and temporal consistency of
diet specialization therefore contribute to our understanding
of the population dynamics and community impacts of this
federally threatened keystone species.

Materials and methods
Sea otters feed by diving to the sea floor and retrieving
benthic invertebrate prey, and bringing these prey to the
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surface to consume. This foraging behavior occurs in discrete bouts, typically consisting of ~18–250 dives for prey
(not all are successful) and lasting 0.5 to 7 h, and is followed by several hours of non-foraging activity, primarily
resting (Bodkin et al. 2007; Tinker et al. 2007). We studied 82 uniquely tagged sea otters between 1998 and 2008
at two focal study areas [Monterey Peninsula (MON), and
the coast between Point Piedras Blancas and Point Estero
(PBL)] and used daytime shore-based surveys to identify
the prey of their successful foraging dives. Individuals
within each study area exhibit largely overlapping home
ranges, foraging in both rocky and sand-bottom habitats
(see Estes et al. 2003; Tinker et al. 2007, 2008, 2012 for
details and methods of data collection).
Time-independent estimates of individual specialization
We first estimated the magnitude of specialization at each
study site by calculating individual-to-individual diet similarity scores between all pairs of otters using the cumulative set of prey observed in each individual’s diet over the
entire 10-year study period. This fully aggregated use of all
available observations for each individual is the standard
fashion by which specialization is assessed. We note that
diet similarity reflects the converse of diet dissimilarity
on which indices of between-individual specialization are
typically based, but provides a simpler means to interpret
and contrast levels of variation observed between individuals (between-individual similarity) to levels of variation
observed in the temporal consistency of each individual’s
diet (within-individual similarity) (Fig. 1). Indeed, although
the consideration of individual specialization by means of
similarity can introduce non-intuitive phrasing (e.g., greater
individual specialization is indicated by smaller values of
pairwise similarity), the consistent use of similarity for
both between- and within-individual comparisons can suggest alternative definitions of individual specialization that
combine measures of both between-individual differences
and temporal consistency into a single metric (see Supplementary Electronic Materials S3).
We implemented four indices to quantify diet similarity: the classic incidence-based Jaccard index (SJ) (Jaccard
1901), the frequency-based Jaccard index (SJa) (Chao et al.
2005), the frequency-based Jaccard index estimator (SJe)
(Chao et al. 2005), and, for reference, the more typically
used index of proportional similarity (SPS) (Renkonen 1938;
Schoener 1968; Zaccarelli et al. 2013) (see Supplementary
Electronic Materials S1 for details). All indices of similarity
vary from a value of 0 (no similarity between two diets) to
1 (two diets are identical). Differences between the values
of SJ and SJa reflect the degree to which individuals differ
in their quantitative selection of the prey they share in common. Differences between the values of SJa and SJe reflect
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the degree to which the diets of individuals may be undersampled with respect to their true diets (Chao et al. 2005).
The overall mean magnitude of diet similarity (S̄) was
estimated for each index and site by averaging across all
unique pairwise individual-to-individual comparisons
(Araújo et al. 2008, 2009). The probability of obtaining
mean magnitudes of diet similarity less than or equal to
those observed (under the null hypothesis of random selection by all individuals from a common prey pool) was estimated using a nonparametric Monte Carlo procedure (Bolnick et al. 2002).
Time-dependent estimates of individual specialization
The above consideration of the cumulative set of prey
observed in each individual’s diet represents the maximum extent of time-aggregated sampling. For our study,
with observations made on a given individual being aggregated over 140–2,068 days (see “Results”), this is akin to
the isotopic sampling of tissues with slow turnover rates. At
the other extreme are observations made for an individual
within a single foraging bout, akin to the sampling of an
individual’s gut contents. Thus, to assess the effects of sampling timescale on the inferred magnitude of specialization,
we repeated our analysis of each site’s between-individual
comparisons at the finest temporal scale possible by calculating the pairwise diet similarity of all possible combinations of every otter pair’s foraging bouts. The effects of
intermediate timescales were assessed by calculating the
pairwise similarity of each otter pair’s foraging observations
after aggregating these by the day (i.e., multiple foraging
bouts), week, month, or year in which they were made.
We expected the similarity of each otter pair’s prey
choices to decline as the time that had elapsed between the
diet observations of the two individuals increased. That is,
we expected diet similarity to vary with the timescale to
which observations were aggregated and with the degree to
which aggregations were temporally separated. We therefore fit four models to the similarity scores of each site,
index, and level of temporal aggregation. These models
described diet similarity (S) by different functions of the
time (t; in days) having elapsed between observations:
⎧
S0 e!t
M1
⎪
⎪
⎨
S0 e!t + µ
M2
S(t) =
M3
⎪
S e!t+a sin(ft+p)
⎪
⎩ 0 !t+a sin(ft+p)
S0 e
+ µ M4
The simplest base model (M1) was an exponential model
describing the temporal decline in diet similarity from an
initial value of S0 with a constant proportional rate, λ (i.e.,
a log-linear decline). The plateauing model (M2) described
this decline as asymptotically reaching a constant value
µ > 0, reflecting an average minimum similarity to which
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the diets of individuals declined with elapsed time. The
seasonal (M3) and a plateauing seasonal (M4) models corresponded to models M1 and M2 respectively, but allowed
for sinusoidal fluctuations in the rate at which diet similarity
declined. These models were included because we hypothesized that seasonal variation in individual prey choices,
driven either by changes in prey preference or availability, could result in pairs of observations that were made a
half year apart being less similar than pairs of observations
that were made within the same season of different years.
Parameters a, f, and p respectively reflect the amplitude, frequency, and phase of these potential seasonal fluctuations,
with the elapsed time t having been transformed to radians
(t = π days/182.5). Model-fit estimates of S0 for the two
non-plateauing M1 and M3 models, and of S0 + µ for the
two plateauing M2 and M4 models, reflect the diet similarity of a hypothetical pair of bouts observed at exactly the
same time [i.e., S(t = 0), henceforth referred to as “concurrent observations;” see Fig. 1]. These estimates would be
equivalent to the time-independent estimates of diet similarity calculated using the cumulative sets of each individual’s
observations if the similarity of individual prey choices,
and thus the inferred magnitude of specialization, did not
change as a function of elapsed time (i.e., if λ = 0).
Model-fitting was performed by constrained nonlinear
least squares with each pairwise similarity score weighted
by the number of feeding observations of the bout (or
aggregated set of observations) having the fewer feeding
observations. We constrained S0, µ, and a to values between
0 and 1, f and p to values greater than or equal to 0, and
left λ unconstrained. For temporal aggregations above the
day scale, the span of time having elapsed between two
aggregated time periods was calculated as the number of
days between the starting days of the two time periods (Fig.
S2.1). The relative performance of the models in describing time-dependent changes in diet similarity between
individuals was compared for each index and aggregation
level using the small-sample Akaike information criterion
(AICc) with log likelihoods summed across sites (Burnham
and Anderson 2002; Hurvich and Tsai 1989). The seasonal
models M3 and M4 were not fit to observations aggregated
at the annual scale. Although not all model fits reached
convergence for all indices and aggregation levels, convergence failures were always manifested as singular convergences. Because the four models are nested, and because
singular convergence indicates an over-parameterized
model, convergence failure provided complementary evidence for the superior performance of a simpler model.
Time-dependent estimates of temporal consistency
We estimated the temporal consistency of individual diets
by quantifying the time-dependent similarity of foraging
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Table 1 The overall magnitude of intraspecific diet specialization observed at each study site as quantified by each of four indices of diet similarity using the cumulative set of prey observed in each individual’s diet over the entire study period
Index

Monterey Peninsula (MON)
Observed

Point Piedras Blancas (PBL)

Expected

p

Observed

Expected

p

SJ

0.41

0.74–0.78

<0.001

0.55

0.72–0.77

<0.001

SJa

0.48

0.97–0.97

<0.001

0.70

0.98–0.98

<0.001

SJe

0.51

0.98–0.99

<0.001

0.73

0.99–0.99

<0.001

SPS

0.28

0.86–0.88

<0.001

0.38

0.89–0.90

<0.001

Higher similarity indicates a lower magnitude of specialization. Corresponding p-values and 95 % confidence range of expected magnitudes
were obtained using a Monte Carlo procedure under the null hypothesis of no individual specialization
SJ Incidence-based Jaccard index (Jaccard 1901), SJa frequency-based Jaccard index (Chao et al. 2005), SJe frequency-based Jaccard index estimator (Chao et al. 2005), SPS index of proportional similarity (Renkonen 1938; Schoener 1968; Zaccarelli et al. 2013)

observations made for each individual (Fig. 1; Fig. S2.1).
These self-similarity scores were calculated for each individual using all pairs of its own sets of foraging observations aggregated by the bout, day, week, month, or year
in which they had been made. The four models were fit
to each individual’s similarity scores as had been done
for the between-individual comparisons. Analogous to the
between-individual comparisons, each individual’s modelfit estimates of within-individual S0 for non-plateauing
M1 and M3 models, and of S0 + µ for the plateauing M2
and M4 models, reflect the diet similarity of hypothetically concurrent observations (Fig. 1). Similarly, estimates
of λ describe the rate at which an individual’s level of diet
consistency changed to a potential µ plateau, and estimates
of a, f, and p describe temporal fluctuations in this rate of
change associated with seasonal variation in prey availability or the individual’s preferences for them. The combination of a high S0 value with either a small value of λ or a
high value of µ reflects an individual with a high level of
temporal diet consistency.
The relative performance of the models in describing
within-individual changes in diet similarity as a function
of elapsed time was assessed for each index at each aggregation level using the AICc with log-likelihoods summed
across the individuals for which the fitting of the models
reached convergence. The seasonal M3 and M4 models were not fit when observations were aggregated at the
annual scale. Only individuals having a number of pairwise
comparisons exceeding the number of model parameters
by more than one were included in model comparisons of
each aggregation level. When AICc scores indicated the
superior performance of a simpler model, or when the fitting of the more complicated models achieved convergence
for only a subset of individuals, we repeated model fitting
and comparisons after excluding the more complex models and refit all individuals with only the resultant best-performing converging model. This allowed us to increase the

number of individuals for which parameter estimates could
be obtained.

Results
A total of 29,128 feeding observations of identifiable
prey were made on 42 individuals at MON and 32 at
PBL (n = 146–861 observations per individual, mean (x̄)
±1 SD: x̄ = 393 ± 166 SD); eight additional individuals
were excluded from analyses due to insufficient sampling
as assessed by the visual inspection of individual-specific
prey-accumulation curves. Individuals were observed for
a total of 7 to 45 bouts (x̄ = 20.4 ± 8.9 SD) over a total
of 140–2,068 days (x̄ = 640 ± 364 SD; MON, 178–2,068,
x̄ = 708 ± 447 SD; PBL, 140–857, x̄ = 549 ± 180 SD)
and fed on a total of 42 differentiable taxa (from 6 to 19
per individual, x̄ = 12.1 ± 3.7 SD, see Table S4.1 for taxonomic resolution).
Time-independent estimates of individual specialization
The overall mean magnitude of specialization was higher
than expected by chance for all indices at both sites when
pairwise diet similarity was quantified using the cumulative set of prey observed in each individual’s diet over
the entire study period (Table 1). While the distributions
of between-individual similarities exhibited considerable
variation in both populations (Fig. S2.2), estimates of mean
similarity (the converse of specialization) were higher at
PBL than at MON regardless of the index used. Estimates
were more sensitive at PBL than at MON to between-individual differences in the quantitative uses of prey species
(S̄Ja − S̄J ), but were no different in the degree to which
individual diets were under-sampled with respect to their
true diets (S̄Je − S̄Ja). The overall magnitude of specialization as inferred by the index of proportional similarity (S̄PS)
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was always higher than was indicated by the three Jaccard
indices.
Time-dependent estimates of individual specialization
The similarity of between-individual diet comparisons was
dependent on the length of time that had elapsed between
two sets of feeding observations. Model M4, which
assumed a seasonally varying and plateauing decay in similarity over time, performed best at describing the temporal
dependency of between-individual diet comparisons across
most indices and non-annual levels of aggregation (12 out
of 16 cases; Tables S2.2–2.3). In one of the four exceptions
(SJa with observations aggregated by day) the non-plateauing seasonal model M3 outperformed all others, while in
the other three exceptions the non-seasonal plateauing
model M2 performed better than the two seasonal models
(though only marginally so in two cases, dAICc ≤ 5). At
the annual scale of aggregation, the plateauing M2 model
outperformed the non-plateauing M1 model for all indices.
Parameter estimates of the best-performing models indicate that the average between-individual similarity of concurrent foraging observations, S(t = 0), was always higher
at PBL than at MON for all indices (Figs. 2, 3a). The rate
at which similarity declined as time between observations
elapsed was very small: the model-fit diet similarity of two
individuals observed 600 days apart was virtually equivalent to their estimated concurrently observed diet similarity (lower two curves in Fig. 2), and would typically be
expected to drop by only 10–25 % if observations were to
be separated by half the ~20-year maximum lifespan of sea
otter individuals (Fig. 3a, b); only for two levels of temporal aggregation at PBL would diet similarity decline to
zero (Fig. 3b). Despite the generally superior performance
of plateauing seasonal model M4 at the non-annual scales
of aggregation, the amplitude of the seasonal dependence
was very small (Fig. 2).
Despite the slow rate at which between-individual similarity decayed over time, time aggregation had a strong
effect on the inferred strength of individual diet specialization. Estimates of the between-individual similarity of concurrent observations increased dramatically as aggregation
increased (Fig. 3a). Model-estimated concurrent observations aggregated over hours (i.e., bouts) were almost half
as similar as when aggregated over a year. This decline in
apparent specialization with increased aggregation was particularly apparent in the three Jaccard indices.
Aggregation also affected the extent to which a qualitative vs. a quantitative consideration of prey selection
altered the inferred strength of specialization, with increasing aggregation leading to greater estimates of betweenindividual diet similarity when prey frequency rather than
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incidence was used (S̄Ja − S̄J; Fig. 4a). This effect was
stronger at PBL than at MON. However, aggregation did
not affect the influence of under-sampling with respect to
the comparison of each individual’s true diet (S̄Je − S̄Ja;
Fig. 4b).
Time-dependent estimates of temporal consistency
Estimates of within-individual diet similarity were also
dependent on the length of time having elapsed between
two sets of feeding observations. The ability of the four
models to describe these temporal changes varied among
individuals (Table S.2.4–2.5). The convergence of all
four models across all four indices was achieved for only
a small subset of individuals at each level of non-annual
aggregation (9–14 %). However, AICc model comparisons
indicated that for these individuals the non-plateauing seasonal model M3 typically outperformed all other models;
only at the week level of aggregation for the proportional
similarity index, and at the month level of aggregation for
all but the classic Jaccard index, did the plateauing seasonal
model M4 marginally outperform M3. Model comparisons
performed after removing the most complicated model
from the list of candidate models in order to increase the
number of individuals for which remaining candidate models reached convergence for all indices always resulted in
the next-most complicated model outperforming the others.
That is, when model M4 was excluded to increase the combined convergence of models M1–M3 for a larger fraction
of individuals (45–60 %), the non-plateauing seasonal M3
model outperformed both non-seasonal models. Similarly,
the combined convergence of the non-seasonal M1–M2
models was achieved for many more individuals (68–85 %)
when the seasonal M3–M4 models were excluded. In this
case the plateauing M2 model always outperformed the
non-plateauing M1 model. Model M2 also outperformed
M1 when observations were aggregated by year, though
the convergence of both models was achieved for only
eight individuals since all other individuals had not been
observed for a sufficient number of years.
Despite their differing ability to reach convergence for
all individuals across all indices and aggregation levels, all
four models produced very similar estimates for the selfsimilarity of the average individual’s concurrent observations and the overall rate at which similarity declined with
elapsed time (Fig. 2). Even so, the average self-similarity
of individuals for whom the non-plateauing seasonal model
M3 reached convergence exhibited substantial seasondependent variation (Fig. 2). Diet similarity was highest for
observations that were made concurrently or a year apart,
and lowest for observations made a half year or more than a
year apart. The amplitude of this seasonal dependence was
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Fig. 2 The time-dependent strength of intraspecific diet specialization and individual diet consistency evidenced by the change in
between- and within-individual diet similarity as a function of the
time having elapsed between foraging observations. Cross-column
comparisons reflect the effects of aggregating observations at timescales of a bout (a–d), a day (e–h), a week (i–l), a month (m–p), and
a year (q–t). Cross-row comparisons reflect the effects of considering
diet composition on a presence-absence basis [row 1 classic Jaccard
index (SJ)] vs. a quantitative basis [row 2 frequency-based Jaccard
index (SJa)] vs. accounting for under-sampling [row 3 frequencybased Jaccard estimator (SJe)], or on the basis of proportional diet
similarity [row 4 index of proportional similarity (SPS)]. a–t The
lower two curves reflect the site-specific magnitude of betweenindividual similarity as estimated by the best-performing model (the
plateauing seasonal M4 model for bout, day, week and month; and
the plateauing M2 model for year; see exceptions below). The higher

two to four curves (corresponding to models M1–M4) reflect the
magnitude of within-individual similarity after being averaged across
all individuals at each point in elapsed time. The gray regions surrounding each of the within-individual curves reflect ±1 SD of the
distribution of within-individual similarities at each point in elapsed
time. Only the best-performing within-individual model and all
simpler models applied to the subset of individuals for which each
model reached convergence for all indices are shown (see Table
S2.4). Numbers in parentheses indicate the number of individuals for
which convergence was reached for the within-individual comparisons. Between-individual comparisons are for 42 individuals at the
Monterey Peninsula (MON) and 32 individuals at the coast between
Point Piedras Blancas and Point Estero (PBL). Exceptions: in f the
best-performing between-individual model was the non-plateauing
seasonal model (M3), while in j, m, and p it was a non-seasonal plateauing model (M2) (see Table S2.3 and main text for details)

higher when prey selection was considered quantitatively
than when prey incidence alone was considered (Fig. 2).
The within-individual diet similarity of the average individual was always higher than either population’s betweenindividual similarity (Fig. 3a, c), although this was not true
for all individuals (see also Fig. S3.2). Indeed, individuals

exhibited substantial variation in diet similarity for observations made concurrently or 10 years apart (Fig. 3c, d).
Nevertheless, time aggregation had a strong influence on
the inferred temporal consistency of individual diets with
estimates of the within-individual similarity for concurrent
observations increasing as aggregation increased (Fig. 3c).

13

68

Oecologia (2015) 178:61–74

Similiarty, S (0)

1.0

●

MON

Bout
Day
Week
Month
Year

Bout
Day
Week
Month
Year

1.0

c

PBL

0.8

0.8

0.6

0.6
●

●

0.4

●

0.2 ● ● ●
0.0
1.0

Similarity, S (3650)

a

Within−individual

Bout
Day
Week
Month
Year
All

Bout
Day
Week
Month
Year
All

Between−individual

●

●

●

●

●●●

●

●●

●

0.4
●●

●

0.2

●●●●

b

0.0
1.0

d

0.8

0.8

0.6

0.6

0.4
0.2

●●●

●

●●●

●

0.4

●

●

●

●●●

●

0.2

●
●●●●

0.0

0.0

SJ

S Ja

S Je

S PS

SJ

S Ja

S Je

S PS

Fig. 3 Time-aggregated sampling increased the inferred strength and
temporal consistency of intraspecific diet variation as evidenced by
the best-performing model-fit estimates of the a, b between- and c,
d within-individual diet similarity of a, c concurrent foraging observations, S(t = 0), or b, d when observations were to be separated

by 10 years, S(t = 3,650) (half the maximum lifespan of a sea otter
individual). Boxplots in c, d indicate the values of each distribution’s
median, first, and third quartiles, with whiskers extending to the most
extreme similarity score that is no more than the interquartile range of
the distribution. See Fig. 2 for sample sizes and abbreviations

Aggregation had little influence on the extent to which
the frequency vs. incidence of prey (S̄Ja − S̄J; Fig. 4c), or
under-sampling (S̄Je − S̄Ja; Fig. 4d), altered the inferred
magnitude of temporal consistency.

foraging decisions of individual sea otters at scales ranging from hours to years show how inferences regarding
both the magnitude of individuals’ differences and their
temporal consistency can be altered by the timing and
duration of sampling, and the analytical treatment of
observations. These insights suggest a way forward for
empirical efforts aimed at disentangling the mechanisms
that generate intraspecific variation to understand its consequences for the functioning of ecological communities.
We therefore suggest the following guidelines for future
empirical efforts:

Discussion
The concept of individual specialization is implicitly
temporal, yet only few studies have considered the axis
of time explicitly. Central to our study is the distinction
between the magnitude of individual differences (the converse of between-individual similarity) and the temporal
consistency of the individuals’ diets (the within-individual self-similarity); genuine specialists are both temporally consistent and different from the rest of their syntopic and contemporaneous population (Fig. 1; Bolnick
et al. 2003). Indices of similarity (or dissimilarity) are a
natural way to quantify and describe these two aspects of
diet specialization, but it is likely that such indices are
sensitive to the different methods of quantifying diets
(stomach contents, direct diet observations or stable
isotope ratios), which reflect differing points on a spectrum of temporal scales. Our analyses of the dive-to-dive
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1. Quantify and report the amount of time that is represented by each diet sample (i.e., the magnitudes of temporal aggregation). For isotope ratios, sample multiple
tissues and do not assume that the tissue with the slowest turnover rate is necessarily the most appropriate for
describing diet specialization or temporal consistency
just because it integrates over the greatest amount of
time.
2. Sample concurrently or correct for non-concurrent
sampling (i.e., how much time elapses between samples). Estimates of between- and within-individual
similarities will provide the most meaningful insights
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Fig. 4 Differences in the values of the three Jaccard indices for the
best-performing models reveal that time-aggregated sampling can
alter the importance of considering between- and within-individual
diet similarities on a, c a qualitative vs. quantitative basis (SJa−SJ),
but, in this study, did not affect b, d the influence of under-sam-

pling with respect to the comparison of each individual’s true diet
(SJe−SJa). Within-individual comparisons in c and d are averaged
across the individuals of both sites. See Fig. 2 for sample sizes and
abbreviations

when the observations from which they are calculated
are made contemporaneously.
3. Consider potential sources and patterns of temporal
variation in individual diets, and sample or account
for these accordingly; organisms can experience cyclic
patterns at multiple temporal scales which can mask or
strengthen estimates of individual variation.
4. Consider both prey incidence and frequency; they provide complementary and synergistic insight into the
relative importance of dominant and rare prey to patterns of diet specialization (Tinker et al. 2012). The
varied indices that have been developed for quantifying
the similarity of two samples each have strengths and
weaknesses.
5. Quantify sampling completeness and assess its potential effects not only on statistical power but also on the
inferred strengths of diet specialization and temporal
consistency.

on a relative basis (e.g., in the contrast of two experimental treatments). Note that, although we used indices of diet
similarity in the presentation of our analyses to more easily
contrast between- and within-individual diet comparisons,
we will henceforth often refer to the effects of temporal
scale on the perceived magnitude of specialization using
diet dissimilarity to facilitate understanding.

These five suggestions are explored in more detail in the
following sections and are applicable whether measures
of individual variation are made on an absolute basis or

Quantify the magnitude of temporal aggregation
Our analyses indicate that the perceived magnitude of diet
specialization of sea otter individuals generally decreased
(between-individual similarity increased) as we increased
the temporal scale over which foraging observations
were pooled. Estimates of concurrent diet similarity were
roughly 1.25–two times larger at monthly and annual
scales of temporal aggregation than at bout to daily scales
(Fig. 3). Thus, as intuition would suggest, estimates of
diet specialization derived from stable isotope ratios will
tend to indicate less specialization than those derived from
snapshot diet surveys or short-term observational data.
Indeed, apparent diet similarity differed so much between
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timescales that the interpretation of magnitudes alone could
lead one to infer only weak specialization at the monthly
and annual scales but strong specialization at bout or daily
scales (e.g., PBL SJe = 0.73 at the annual scale vs. 0.31 at
the bout scale; Fig. 3a).
At our focal study sites, where otter population densities and resource competition are high (Tinker et al. 2008,
2012), the magnitude of specialization was statistically
significant at even the most coarse level of temporal aggregation when all observations were pooled (Table 1). However, this will likely not be the case in all study systems and
highlights the importance of considering time explicitly
when comparing across populations and studies. In reviews
and meta-analyses (e.g., Araújo et al. 2011; Bell et al.
2009), for example, the inverse relationships that are to be
expected between timescales and both the mean and variance of specialization estimates suggest that counts of the
incidence of individual specialization across different study
systems will hinge on the temporal scales of the included
studies. Similarly, studies involving the comparison of two
or more experimental treatments should ensure that each
treatment’s samples span the same time frame.
Sample concurrently
Our results highlight the importance of contemporaneous sampling effort. As was the case for our study, diet
surveys are often conducted opportunistically with different individuals being observed or recaptured at different
times. This lack of contemporaneous sampling will cause
the apparent magnitude of specialization to increase, as diet
samples become less similar over time. If logistical constraints prevent contemporaneous sampling, then researchers must quantify the relationship between elapsed time
and diet (dis)similarity, and use this relationship to adjust
for the potential effects of non-contemporaneous observation periods. We assumed that diet similarity declined in an
overall exponential fashion (i.e., at a constant proportional
rate). As in models of population growth (Edelstein-Keshet
2005), exponential change may be considered the simplest
of first-order approximations to reality; other more complicated relationships between similarity and elapsed time
are also conceivable (e.g., Weibull or Gompertz-Makeham
forms). Indeed, the most appropriate functional form to
describe the temporal dynamics of diet similarity will likely
differ between the mechanisms that generate consistency in
an individual’s diet choices (e.g., memory vs. genetics).
Conversely, the perceived magnitude of an individual’s
temporal consistency increased with sampling timescales
but decreased with the time elapsed between samples.
There are a number of mechanisms that could produce such
a pattern. For example, individual prey preferences may
vary over time, reflecting new learned skills or ontogenetic
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changes. Conversely, the relative availability of prey may
change, reflecting temporal dynamics or spatial variation (β-diversity) through which an individual passes. The
effects of these two potential mechanisms will likely saturate across increasing temporal and spatial (ɣ-diversity)
scales in different ways.
In our study, individual otters showed considerable variation in the temporal consistency of their prey selection
(Fig. 3c), but the average level of self-similarity remained
almost unchanged over ~2 years (Fig. 2) and is extrapolated to have only dropped to no less than 20 % for the
average individual after 10 years (i.e., 3,650 days) regardless of index or aggregation level (Fig. 3c, d). Thus, while
our data do illustrate a slow decay in temporal consistency
over time, most individual sea otters in our study remained
considerably more self-similar than the average betweenindividual similarity of their population, even after multiple years had elapsed (see also Fig. S3.2). The slow rate of
temporal decline in consistency is not surprising given the
high consistency of the individuals’ home ranges and the
strong community-structuring effects that sea otters have
had at our study sites (Tinker et al. 2008, 2012). This may
not be the case for other species, such as species with weak
community effects or colonizing species still effecting a
change in community structure. This insight highlights
another important reason for quantifying the relationship
between elapsed time and temporal consistency: it provides
a baseline for comparing and interpreting the magnitude of
between-individual diet specialization. That is, if there is a
period of elapsed time after which the similarity of an individual’s within-individual diet comparisons converges on
the average similarity of between-individual diet comparisons, then it can be inferred that the individual is a diet specialist only at timescales that are shorter than this amount
of elapsed time (see Supplementary Online Material S3).
The overall superior performance of the non-plateauing
seasonal M3 model over the plateauing seasonal M4 model
may seem to suggest that, for many otters, individual diets
no longer exhibit any self-similarity after enough time has
elapsed. Although possible, we believe this is unlikely.
Instead, we believe this occurred because the rate of decline
in similarity is so small over the timescales of our data that
there is insufficient power to support the additional plateau
parameter. This may also not be the case in other species
[e.g., cabbage butterflies (Lewis 1986)] where individuals
exhibit diet changes within much shorter periods of time.
Consider temporal variation
All organisms experience daily, lunar, or seasonal cycles
that can affect their foraging behavior and diet. The existence of such cycles can be masked by insufficient sample
sizes, low sampling frequency, or sampling that reflects
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too coarse a window of time aggregation. The presence
of a cycle could also increase the inferred magnitude of
between-individual variation if individuals are observed
in different phases of the cycle. In our study, we found
strong support for the existence of seasonal cycles in the
diet consistency of 19–30 % of the individuals depending
on the timescale being considered. The diets of these individuals were more self-similar when sampled 1 year apart
than when sampled 6 months apart. These individuals were
not studied for longer periods of time than other otters, nor
were they observed more frequently (Fig. S2.3–S2.4).
Seasonal cycles likely reflect the increased consumption
of one or more preferred prey types at a particular time of
year, and may occur in response to prey reproductive cycles
that increase prey availability (e.g., Dungeness crabs are
more frequently found at shallow depths when they are
reproducing) or result in greater energy content and thus
profitability when prey are gravid (Oftedal et al. 2007). In
sea otters, seasonality expressed itself more weakly in the
incidence-based Jaccard index than in the other indices.
Thus, although some seasonality can be attributed to a seasonal loss or addition of prey species from the individuals’
diets, much more of it is attributable to variation in the relative frequency of prey species.
Whether seasonality in sea otter diets is driven by
changes in prey availability or preference cannot be disentangled on the basis of individual diet consistencies alone.
However, although seasonality was also evident in the
between-individual comparisons with the plateauing seasonal M4 model outperforming all others for most indices
and levels of aggregation (Tables S2.2–S2.3), the magnitude of this seasonality was quite small (Fig. 2). This indicates that all individuals did not respond to seasonal variation in prey availability or energy content in the same way.
Instead, different individuals’ diets fluctuated in different
ways, suggesting that the seasonality of within-individuals
diets was driven more by temporal variation in prey preferences than prey availability.
That individuals differ in their response to seasonal variation in prey availability or energy content is not surprising
given the modular structure of diet specialization that has
been reported for these same sea otter populations (Tinker
et al. 2012): individuals can be classified into groups (modules) whose members share the same rank-order preferences
for the one to three prey types that comprise the core of their
diet. Individuals from different modules having different
rank preferences are therefore not expected to respond similarly to seasonal changes in the availability or profitability
of the prey. This insight has implications for other species as
well: temporal variation in diet specialization will be most
evident when it reflects variation in universally shared prey,
or when strong modularity in individual-resource network
structure is recognized and accounted for.
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Consider both prey incidence and frequency
A primary advantage of the suite of three Jaccard-based
indices is that they may be used to tease apart variation in
diet similarities related to differences in prey incidence,
frequency, and sampling completeness. For example, magnitudes of diet specialization estimated by considering prey
frequency (SJe) were lower at shorter timescales and higher
at longer timescales than when estimated by prey incidence
(SJ) (Fig. 4a). This likely reflects the hierarchical network
nature of diet specialization in sea otters, which is not only
modular but also nested (Tinker et al. 2012). Specifically,
individuals within each module share the same core highfrequency prey, but differ in their selection of peripheral
low-frequency prey. The diets of individuals from different modules will therefore be less similar, increasing
overall population-level estimates of diet specialization,
when similarities are assessed on a frequency rather than
an incidence basis at low levels of temporal aggregation.
With such modularity, aggregating samples over time will
increase frequency-based diet similarities more so than
incidence-based similarities because the frequency of commonly selected core prey species increased faster with time
than the addition of more rarely selected peripheral prey
species. The lack of an effect of aggregation on the relative
magnitudes of frequency- and incidence-based similarities
for the within-individual comparisons indicates that the
relative importance of core vs. peripheral prey in each individual’s diet remained constant over time (Fig. 4c).
Of course, a number of other indices have been used to
quantify individual diet specialization (e.g., Araújo et al.
2008; Bolnick et al. 2002; Newsome et al. 2012; Zaccarelli et al. 2013). The most commonly used of these include
niche-based metrics [e.g., the ratio of the within-individual component of diet composition (WIC) to total dietary
niche width of the population (TNW)], the individual specialization index [the mean proportional similarity (PS) of
the individuals’ diets with their whole population’s diet],
and the E-index (equivalent to 1−SPS), though many other
measures of overlap and similarity are possible (Jost 2006;
Poisot et al. 2012; Wolda 1981). Each of these indices
will reflect different aspects of diet similarity which can
affect inferences made about its incidence and magnitude
(Schatzmann et al. 1986; Wolda 1981). For example, the
WIC/TNW and individual specialization indices compare
individual diets to the whole population’s diet, and will
therefore tend to overestimate specialization due to differences in the number of items observed for each individual
(Novak, unpublished simulations). Similarly, we found that
the between-individual implementation of the proportional
similarity index (SPS) resulted in higher estimates of specialization than the Jaccard indices, but was also less sensitive to temporal aggregation (Fig. 3). It thereby behaved
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most like the incidence-based Jaccard index, being less
influenced by the presence of rare, peripheral prey species
than the two frequency-based Jaccard indices.
Consider sampling completeness
A final and surprisingly overlooked consideration in studies of diet specialization is the degree to which individual
diets have been adequately sampled. While the effect of
under-sampling on statistical power is generally recognized, under-sampling will also lead to underestimated
magnitudes of similarity (Chao et al. 2005). The difference between SJe vs. SJa provides a measure of the degree to
which under-sampling alters ones inferences. In our study,
the difference between these indices was very small (<5 %)
and invariant with respect to timescales (Fig. 4b, d), suggesting that under-sampling had little effect on the inferred
magnitude and consistency of individual variation (see also
Supplementary Online Material S5). However, our data
consisted of individuals whose diets had been measured
extensively and more or less continuously over multiple
years; for many studies such sampling will not be feasible.
At a minimum, prey species accumulation curves (or their
isotopic equivalents) should be used to evaluate the degree
to which sample sizes are sufficient for characterizing each
individual’s diet. If there are indications of under-sampling
or large differences in pairwise sample sizes exist, then
indices such as SJe that consider sample-size effects ought
to be the preferred measure of within- and between-individual diet similarities.
The issue of sampling completeness also relates to the
often-used approach of combining rare, taxonomically difficult, or isotopically indistinguishable prey species into
categories. For example, previous analyses of the same data
presented here have combined prey species into functional
categories of taxonomically and/or morphologically similar
species (e.g., Tinker et al. 2008, 2012). As expected, repeating our analyses with such categorization increased the
magnitude of concurrent diet similarity, both for betweenand within-individual comparisons, but for our data this
effect was very small (cf. Fig. 2a–b and Fig. S4.3a–b). The
rate at which similarity declined as the time between observations increased was also little affected (cf. Fig. 2c–d and
Fig. S4.3c–d). However, prey categorization did have an
effect on inferences made using the incidence-based Jaccard index (cf. Fig. S2.2 and Fig. S4.1). As a result, there
was a reduced influence of temporal aggregation on the
extent to which a qualitative vs. a quantitative consideration
of prey selection (SJa−SJ) altered the inferred magnitude of
intraspecific diet specialization (cf. Fig. 3a and Fig. S4.4a).
Prey categorization had no discernible effect on the degree
to which under-sampling with respect to each individual’s
true diet altered inferred magnitudes of diet similarity (cf.
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Fig. 3b, d and Fig. S4.4b, d), or on the inferred length of
time that individuals were more self-similar than was the
average individual to another (cf. Fig. S3.2 and Fig. S4.5).
Studies with fewer diet observations are likely to be more
sensitive to the resolution of prey categories.

Conclusion
The foraging observations on sea otters are atypical for
their quantity and temporal duration, and may remain so
for all but a relatively small number of well-studied populations or species (Araújo et al. 2011). We therefore consider
the insights afforded by these data as being informative for
the study of intraspecific diet specialization in general. Any
meaningful description of the phenomenon of intraspecific
variation requires an understanding of how the methods
with which it is measured influence our inferences. The
results we present here demonstrate that empirical patterns
of diet specialization and consistency can, and likely often
do, vary across timescales. Just as importantly, our perception of these patterns will also vary as a function of time
scale and the degree to which dietary data are time aggregated. Accordingly, we suggest that the explicit consideration of time is not only important for how we compare
across studies, but also how we use empirical estimates to
parameterize future theoretical models. We anticipate, for
example, that index-based measures of individual diet specialization and consistency will form a basis for parameterizing dynamic models of intraspecific variation and its
effects on populations and communities, akin to the manner in which such indices have been used to inform models
of interspecific competitive interactions (MacArthur and
Levins 1967; May 1975). Thus, more than simply understanding the biases of alternative indices and approaches,
we need to recognize that any empirical measure will be
based on data that are implicitly temporal. Put simply, the
timescale of empirical estimates must match the timescale
of the model’s other parameters. This is not to say that any
specific estimate or timescale is inherently more correct or
appropriate than another in describing intraspecific variation per se. All may be equally informative given the appropriate consideration of the time frame and degree of time
aggregation that the estimates represent.
Author contribution statement MTT and MN contributed to study design and the writing of the manuscript;
MTT led the fieldwork, and MN conducted the analyses.
Acknowledgments We are grateful to the many people who contributed to field research and data collection, especially C. Alfano,
J. Ames, G. Bentall, J. Bodkin, B. Cummings, G. Esslinger, J. Estes,
M. Harris, B. Hatfield, D. Jessup, A. Kage, M. Kenner, C. Lin, D.
Monson, M. Murray, T. Nicholson, J. Perry, M. Staedler, J. Stewart,

Oecologia (2015) 178:61–74
S. Wolrab and L. Yeates. We also thank D. Bolnick, P. Guimarães,
Jr., K. Laidre, J. Yee and two anonymous reviewers for suggestions
made on the manuscript. Support for field work was provided by the
US Geological Survey, the California Department of Fish and Game,
the Monterey Bay Aquarium, the Kenneth S. Norris Rancho Marina
Reserve, and a grant from the Minerals Management Service. M. N.
received partial support from National Science Foundation OCE1041454. Any use of trade, product, or firm names in this publication
is for descriptive purposes only and does not imply endorsement by
the US government.

References
Abrams PA, Matsuda H (2004) Consequences of behavioral dynamics for the population dynamics of predator–prey systems with
switching. Popul Ecol 46:13–25
Araújo M, Bolnick D, Machado G, Giaretta A, dos Reis S (2007)
Using δ13C stable isotopes to quantify individual-level diet variation. Oecologia 152:643–654
Araújo MS et al (2008) Network analysis reveals contrasting effects
of intraspecific competition on individual vs. population diets.
Ecology 89:1981–1993
Araújo MS, Bolnick DI, Martinelli LA, Giaretta AA, Reis SFd (2009)
Individual-level diet variation in four species of Brazilian frogs. J
Anim Ecol 78:848–856
Araújo MS et al (2010) Nested diets: a novel pattern of individuallevel resource use. Oikos 119:81–88
Araújo MS, Bolnick DI, Layman CA (2011) The ecological
causes of individual specialisation. Ecol Lett 14:948–958.
doi:10.1111/j.1461-0248.2011.01662.x
Bell AM, Hankison SJ, Laskowski KL (2009) The repeatability of
behaviour: a meta-analysis. Anim Behav 77:771–783
Bodkin JL, Monson DH, Esslinger GG (2007) Activity budgets
derived from time-depth recorders in a diving mammal. J Wildl
Manage 71:2034–2044
Boecklen WJ, Yarnes CT, Cook BA, James AC (2011) On the use
of stable isotopes in trophic ecology. Annu Rev Ecol Evol Syst
42:411–440. doi:10.1146/annurev-ecolsys-102209-144726
Bolnick DI, Yang LH, Fordyce JA, Davis JM, Svanbäck R (2002)
Measuring individual-level resource specialization. Ecology
83:2936–2941
Bolnick DI et al (2003) The ecology of individuals: incidence and
implications of individual specialization. Am Nat 161:1–28
Bolnick DI, Svanbäck R, Araujo MS, Persson L (2007) Comparative
support for the niche variation hypothesis that more generalized
populations also are more heterogeneous. Proc Natl Acad Sci
104:10075–10079. doi:10.1073/pnas.0703743104
Bolnick DI et al (2011) Why intraspecific trait variation matters in
community ecology. Trends Ecol Evol 26:183–192
Burnham KP, Anderson DR (2002) Model selection and multimodel
inference: a practical information-theoretic approach, 2nd edn.
Springer, Berlin
Chao A, Chazdon RL, Colwell RK, Shen TJ (2005) A new statistical approach for assessing similarity of species composition with
incidence and abundance data. Ecol Lett 8:148–159
Chesson P (1978) Predator–prey theory and variability. Annu Rev
Ecol Syst 9:323–347. doi:10.1146/annurev.es.09.110178.001543
Edelstein-Keshet L (2005) Mathematical models in biology. Society
of Industrial and Applied Mathematics, Philadelphia
Estes JA, Riedman ML, Staedler MM, Tinker MT, Lyon BE
(2003) Individual variation in prey selection by sea otters: patterns, causes and implications. J Anim Ecol 72:144–155.
doi:10.1046/j.1365-2656.2003.00690.x

73
Grant PR, Grant BR, Smith JN, Abbott IJ, Abbott LK (1976) Darwin’s finches: population variation and natural selection. Proc
Natl Acad Sci 73:257–261
Harmon LJ, Matthews B, Des Roches S, Chase JM, Shurin JB,
Schluter D (2009) Evolutionary diversification in stickleback
affects ecosystem functioning. Nature 458:1167–1170
Hughes AR, Inouye BD, Johnson MTJ, Underwood N, Vellend M
(2008) Ecological consequences of genetic diversity. Ecol Lett
11:609–623. doi:10.1111/j.1461-0248.2008.01179.x
Hurvich CM, Tsai C-L (1989) Regression and time series model
selection in small samples. Biometrika 76:297–307
Ingram T, Stutz WE, Bolnick DI (2011) Does intraspecific size variation in a predator affect its diet diversity and top-down control of
prey? PLoS One 6:e20782
Jaccard P (1901) Étude comparative de la distribution florale dans une
portion des Alpes et des Jura. Bull Soc Vaud Sci Nat 37
Jennings S, Maxwell TAD, Schratzberger M, Milligan SP (2008)
Body-size dependent temporal variations in nitrogen stable
isotope ratios in food webs. Mar Ecol Prog Ser 370:199–206.
doi:10.3354/meps07653
Johnson CK et al (2009) Prey choice and habitat use drive sea otter
pathogen exposure in a resource-limited coastal system. Proc
Natl Acad Sci 106:2242–2247
Jost L (2006) Entropy and diversity. Oikos 113:363–375
Legler ND, Johnson TB, Heath DD, Ludsin SA (2010) Water temperature and prey size effects on the rate of digestion of larval and early juvenile fish. Trans Am Fish Soc 139:868–875.
doi:10.1577/t09-212.1
Lewis AC (1986) Memory constraints and flower choice in pieris
rapae. Science 232:863–865
MacArthur R, Levins R (1967) The limiting similarity, convergence,
and divergence of coexisting species. Am Nat 101:377–385
May RM (1975) Some notes on estimating the competition matrix, α.
Ecology 56:737–741
McIntyre P, Flecker A (2006) Rapid turnover of tissue nitrogen of primary consumers in tropical freshwaters. Oecologia 148:12–21
Murdoch WW, Oaten A (1975) Predation and population stability.
Adv Ecol Res 9:1–130
Newsome SD et al (2010) Variation in δ13C and δ15N diet-vibrissae
trophic discrimination factors in a wild population of California
sea otters. Ecol Appl 20:1744–1752. doi:10.1890/09-1502.1
Newsome SD, Yeakel J, Wheatley PV, Tinker MT (2012) Tools for
quantifying isotopic niche space and dietary variation at the individual and population level. J Mammal 93:329
Oftedal OT, Ralls K, Tinker MT, Green A (2007) Nutritional constraints on the southern sea otter in the Monterey Bay National
Marine Sanctuary and a comparison to sea otter populations at
San Nicolas Island, California and Glacier Bay, Alaska. Monterey
Bay National Marine Sanctuary and the Marine Mammal Commission, pp 1–263
Okuyama T (2008) Individual behavioral variation in predator–prey
models. Ecol Res 23:665–671
O’Reilly CM, Hecky RE, Cohen AS, Plisnier P-D (2002) Interpreting
stable isotopes in food webs: recognizing the role of time averaging at different trophic levels. Limnol Oceanogr 47:305–309
Pettorelli N, Coulson T, Durant S, Gaillard J-M (2011) Predation,
individual variability and vertebrate population dynamics. Oecologia 167:305–314. doi:10.1007/s00442-011-2069-y
Phillips DL, Newsome SD, Gregg JW (2005) Combining sources in
stable isotope mixing models: alternative methods. Oecologia
144:520–527
Poisot T, Canard E, Mouquet N, Hochberg ME (2012) A comparative
study of ecological specialization estimators. Methods Ecol Evol.
doi:10.1111/j.2041-210X.2011.00174.x
Price T (1987) Diet variation in a population of Darwin’s finches.
Ecology 68:1015–1028. doi:10.2307/1938373

13

74
Renkonen O (1938) Statistisch-ökologische Untersuchungen über die
terrestische Käferwelt der finnischen Bruchmoore. Ann Bot Soc
Zool-Bot Fenn Vanamo 6:1–231
Rudolf VHW, Rasmussen NL (2013) Population structure determines
functional differences among species and ecosystem processes.
Nat Commun 4. doi:10.1038/ncomms3318
Schatzmann E, Gerrard R, Barbour AD (1986) Measures of niche
overlap. I Math Med Biol 3:99–113. doi:10.1093/imammb/3.2.99
Schoener TW (1968) The Anolis lizards of Bimini: resource partitioning in a complex fauna. Ecology 49:704–726
Schreiber SJ, Bürger R, Bolnick DI (2011) The community effects of
phenotypic and genetic variation within a predator population.
Ecology 92:1582–1593. doi:10.1890/10-2071.1
Svanbäck R, Bolnick DI (2007) Intraspecific competition drives
increased resource use diversity within a natural population. Proc
R Soc Lond B Biol Sci 274:839–844
Tinker MT, Costa DP, Estes JA, Wieringa N (2007) Individual dietary specialization and dive behaviour in the California sea otter:
using archival time-depth data to detect alternative foraging strategies. Deep-Sea Res Part II 54:330–342
Tinker MT, Bentall G, Estes JA (2008) Food limitation leads to
behavioral diversification and dietary specialization in sea otters.
Proc Natl Acad Sci 105:560–565. doi:10.1073/pnas.0709263105

13

Oecologia (2015) 178:61–74
Tinker MT et al (2012) Structure and mechanism of diet specialisation: testing models of individual variation in
resource use with sea otters. Ecol Lett 15:475–483.
doi:10.1111/j.1461-0248.2012.01760.x
Ward EJ, Semmens BX, Phillips DL, Moore JW, Bouwes N (2011) A
quantitative approach to combine sources in stable isotope mixing models. Ecosphere 2: art19. doi:10.1890/ES10-00190.1
Wolda H (1981) Similarity indices, sample size and diversity. Oecologia 50:296–302
Yeakel JD et al (2011) Merging resource availability with isotope
mixing models: the role of neutral interaction assumptions. PLoS
One 6:e22015
Yoshida T, Ellner SP, Jones LE, Bohannan BJM, Lenski RE, Hairston
NG (2007) Cryptic population dynamics: rapid evolution masks
trophic interactions. PLoS Biol 5:e235
Zaccarelli N, Bolnick DI, Mancinelli G (2013) RInSp: an R package for the analysis of individual specialization in resource use.
Methods Ecol Evol 4:1018–1023. doi:10.1111/2041-210x.12079

